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Coneprxanue

IlosicauTenbHAS 3aIHCKA.

TunoBbie KOHTPOJIbHBIE 3aJaHUSI MIIM WHBIE MaTepHalIbl 7Sl OIICHKH 3HAHUM, YMEHUN, HAaBBIKOB M (HJTH)
OTIBITA JEATEIHLHOCTH, XapaKTEPU3YIOMIUX YPOBEHb C(POPMUPOBAHHOCTH KOMIICTCHITHH.

MeTtoaudeckre MaTepuabl, ONPeAeSIONIie MPOLUeaypy U KPUTEPUH OICHUBAHUS cPOPMUPOBAHHOCTH
KOMITETCHIIMH MPHY MTPOBEACHUH MPOMEXYTOYHOW aTTECTAIINH.



1. llosicHuTEALHAA 3aIMCKA
Lenp nmpomMexyTOYHOU aTTeCTallMM — OLIEHUBAHUE MPOMEKYTOUHBIX M OKOHYATEJbHBIX PE3YJIbTATOB
O6yquI/I$[ I10 JAUCIHUIIIINHE, O6CCHG‘II/IB&IOHII/IX JOCTHXXCHUC rmaHpreme pGSYJ'II)TaTOB OCBOCHUA
00pa3oBaTeNbHON MPOTrPaMMBI.

@opMBI TPOMEKYTOUHOM aTTecTalnu: 3a4€T, S ceMecTp

Ilepeyenb komMneTeH Ui, GopMHUPYyeMBbIX B Mpolecce OCBOCHUS TUCIIUIIUHbBI

Kox manmkaTopa qOCTmKeHAS
Kon n HanmeHoBaHue KOMITETEHIINHA

KOMIETEHIUH
OIIK-4: CnocobeH MoHMMaTh MPHUHIMITBL pa00ThI COBPEMEHHBIX HH()OPMAIIMOHHBIX OIIK-4.4: Mcionb3yeT MEeTObI
TEXHOJIOTHI M MCIONB30BaTh UX ISl pELICHUS 3aa4 MPOPECCHOHANBHON e TENEHOCTH; HCKYCCTBEHHOT'O MHTEIUICKTa

(MamHHOTO 00yYeHMHS) U
aHanmu3a OOJNBIINX JAHHBIX JIIS
pelICHUs MPUKITAIHBIX 33134

Pe3yabTaThbl 00y4eHus M0 JMCHUILIHHE,
COOTHECEHHbIE C IVIAHUPYEMBIMH pe3yJbTaTaMHi 0CBOCHHS 00pPa30BaTeJIbHOI IPOrPpaMMBbI

Kon 1 HauMeHOBaHKE HHAUKATOpa OueHouHbIe
Pe3ynbraThl 00y4yeHus 10 AUCLHUIUINHE
JIOCTHYKEHHSI KOMIIETCHIINU MaTepuabl
OIIK-4.4: Hcnons3yer Mmeronsl | OOyuaromuiics 3HaeT: Bonpocst (Nel -
HUCKYCCTBEHHOTO HHTEJUIEKTa (MAIlMHHOTO | OCHOBHBIE METO/IBI MAIlIMHHOTO o0yuenus; | Ne20)
00yueHus) ¥ aHanu3a OOJIBIIMX JAHHBIX JUIA | KIacCH(BUKAIINIO 3a/1ad MANIHHHOTO OOYUCHWs, METPUKH
peLIeHUsI MPUKITaIHBIX 33124 KadyecTBa MoJeIH; (YHKIMM W METOAbl OHOIMOTEKH

Pandas: query, tail, sample, head; metomasr hunbTpanun u
arperanyy JaHHBIX; IPU3HAKH NEePeoOyUICHHOCTH MOJICIH;
metobl oubarnoTek sklearn, seaborn, matplotlib u numpy.

OOyyarouuiicst ymeer: 3ananus (Ne21 -
arperupoBath aHHbIC cpeacTBamu Python; Bermommste | Ne25)

(bunpTpanuio JaHHBIX cpeacTBamu Python; HacTpamBaTh
BeC HEHpOHHa; BHIOMpATh THN KJIAcCH(PHUKATOpPA B
3aBUCUMOCTH OT IOCTABJICHHOMN 3a/1a4ui; BU3yaIN3UPOBAThH
JMaHHBIC cpeacTBamu  OmOmmotrek  pandas, seaborn,
matplotlib;

BBITIOJIHSTH MHOTOKJIACCOBYIO KIIACCU(HMKAIMIO METOAAMH
oubmmoreku sklearn;

CTPOUTH JEPEBbSl PEIICHUH ¥ BBIIOJHATH [0 HUM

TpeJIcKa3aHue.

OOyuaronuiicst Bjaajeer: 3anaHus (Ne  26-
HaBbikaMu noctpoeHust fepeBa peleHui; Ne30)

peanu3anMu anropurMa ciydaiiHoro Jeca (Random

forest);

HaIlMCaHUsl HEUPOHHBIX CEeTeH;
00y4YeHHS MOJICITH.

[TpomexyTouHas aTTectanus (3a4eT) MPOBOAUTCS B OJHOM U3 CIeAYIOMUX Gopm:
1) cobecenoBanue;
2) seinonnenue 3aganuit B OMMOC Caml YIIC.



2. TunoBbIe' KOHTPOJIbHBIE 3aJaHUS WJIH HHbIEe MATEPHAJIBI /151 OLleHKU 3HAHWI, yMeHHUIi, HABbIKOB
U (WJIM) ONBITA JeSITeIbHOCTH, XapAKTePU3YIOIIHUX YPOBEHb C(POPMHUPOBAHHOCTH KOMIIETEHIM I

2.1. TunoBbie BONPOCHI (TeCTOBBIE 3aJaHMs) /IJIA OLIEHKU 3HAHMEBOI0 00Pa30BaTeJILHOI0 pe3y/ibTaTa

[IpoBepsieMsblii 00pa3oBaTeNbHBIN pe3yIbTAaT:

Kon n nanmenoBanue HHAUKaTOopa

HOCTHIKEHHS KOMITETEHIIH OO0pa3oBaTebHbIN Pe3yJIbTaT

OIIK-4.4: Hcnomp3dyer metoabl | OOyuaromuiics 3HaAET:

HCKYCCTBEHHOTO UHTEIUIEKTA | OCHOBHBIE METOJbl MALIMHHOTO OOYYEHHMS; KJIACCU(PHKAIMIO 3a/ad MAIIMHHOTO O00Y4eHHUS;
(MamMHHOrO 00y4YeHMs) U aHAJIU3a | METPUKH KauyecTBa MOJENH; (YHKIHH W MeToasl Ombmmoreku Pandas: query, tail, sample,
OonbmMX JaHHBIX A4 pemeHus | head; meroapl GuIbTpanMu M arperanud JaHHBIX; TPU3HAKA TEPEOOYUCHHOCTH MOICIIH;
TIPUKIIATHBIX 3219 MeTozpl Onbmmotek sklearn, seaborn, matplotlib u numpy.
3ananue 1
MainmHHOe 00y4YeHne —
a) CHeUUaJIM3MPOBaHHOE IPOrPaMMHOE pelIeHHe (WM Habop pelieHuii), KOTOpoe BKIOYaeT B ce0sl BCe WHCTPYMEHTHI IS
W3BJICYCHHsI 3aKOHOMEPHOCTE! U3 CHIPBIX JTAaHHBIX
b) orta rpynnuposka 00sekToB (HabumoaeHnii, COObITHI) Ha OCHOBEJAHHBIX, OIMCHIBAIOIIUX CBOWCTBA OOBEKTOB
Cc) Ha0Op MaHHBIX, KaXXIas 3aliCh KOTOPOTO IPEICTAaBISAET COO0I ydeOHBI NpHMeEp, COACpKAIIWi 3aJaHHBIA BXOIHOW
Ha0Op JaHHBIX, U COOTBETCTBYIOIINH €My IPABIIIEHBIN BEIXOAHOW PE3yIbTaT
d) mnozapaszeneHre UCKYCCTBEHHOTO MHTEIUIEKTa M3YUYaIOIIMH METOJBI MOCTPOCHHUS AJITOPUTMOB, CIIOCOOHBIX 00y4aThCsl Ha
JTAaHHBIX

3ananue 2
Cpeau npeIUIoKeHHBIX 3a/1a4 MAIIHHHOTO O0YyUeHHUsI YKKUTE 33/1a4i PEerpeccuu
a) Ilouck HeraTMBHBIX OT3HIBOB Ha (PUIIbM Ha caiiTe KWHOKOMITaHHU
b) Anroput™m QuIBTpaK ciama
c) Ilpexnckasanue cpoka OKynaeMOCTH IIPOEKTA
d) Ilpenckazanue prIHOYHON CTOMMOCTH KBAPTHPHI
e) IloHcKk MOIICHHHUYECKUX TPAaH3aKIHI

3ananue 3
K 6ubmroTekam aHamu3a naHHbIX B Python oTHOCSTCS ...
a) Tkinter
b) Pandas
c) NumPy
d) Matplotlib

3ananue 4

Kakue u3 nepedynciieHHbIX KOMaH [ BEPHYT JaHHbIe Uit Poccun u 3umbabdse?
a) res.query(‘country == ["Russia","Zimbabwe"]'")
b) res.query('country == "Russia" | "Zimbabwe"")

c) res.query(‘country == "Russia" | country == "Zimbabwe"")

d) res.query(‘country == "Russia" & country == "Zimbabwe"")

e) res[res.country == "Russia" | res.country == "Zimbabwe"]

f) res[(res.country == "Russia") | (res.country == "Zimbabwe")]
3ananue 5

OTMeTbTe BEpHBIE YTBEPIKACHHS 00 anropuTMe ciy4aiiHoro jeca - Random Forest
a) MroroBbIM npejckazaHueM MOJICIH SIBISIETCS TPE/ICKa3aHue CIIy4aiHOro iepeBa
b) IMapamerps ans KaxxIoro aepeBa (TIIyOnHA, MUHIMAIbHOE YUCIIO 00pa3IoB B IUCTE U T.J.) BRIONPAIOTCS CITydaifHO
¢) Kaxnoe nepeBo B necy momydaer cry4aifHbIH TOAHA00D JaHHBIX
d) Ywucno nepeBbeB B Jiecy BHIOMpPAETCS CIydaifHBIM 00pa3oM
e) Ilpenckazanue Monenu - ycpetHEHHBIE MIPEICKAa3aHMs IePEBHEB

3ananue 6

Kakoii arpuOyT 0TBE4aeT 32 MUHUMAJILHOE YHCIIO 00pa3loB B JIUCTE?
a) min_samples leaf
b) max_depth
¢) min samples split

! TlpuBonsTcs THUIOBBIE BOMPOCHI M 3ahaHus. OUEHOYHBIE CPENCTBA, MPEIHA3HAYEHHBIE I MPOBEAEHHS ATTECTAI[MOHHOTO
MEpONPUATHSL, XpaHITCs Ha Kadenpe B AOCTATOUYHOM /Il MPOBEJCHHUS OLEHOYHBIX MPOLERyp KOJIMYecTBe BapuaHTOB. OllEHOYHbIE
Cpe/ACTBa MOAJIEKAT aKTyalH3aldd C YY4ETOM DPa3BUTHs HayKH, OOpa3oBaHMA, KyJIbTYPbl, SKOHOMHKH, TEXHHKH, TEXHOJOTHH H
conanbHON cepbl. OTBETCTBEHHOCTH 32 HEPACIPOCTPAHEHHE COAEPKAHMUS OLIEHOYHBIX CPEACTB CPEAM O0YHAIOIIMXCSl YHUBEPCUTETA
HecyT 3aBelyromui kadeapoi u npenogaBaTenb — pa3pabOTUNK OLEHOYHBIX CPEJICTB.



d) min_impurity decrease

3amanne 7
Kaxoit aTpuOyT 0TBEe4aeT 3a MUHMMaJIbHOE YHCIIO 00pa3LoB B y3Jie AT pa3aesieHus ?
a) min_samples leaf
b) max depth
c) min_samples split
d) min_impurity decrease

3amanne 8
OTMeTbTe BepHbIC YTBEPIKACHHS O BIMSHHUM MMapaMeTPOB PEIIAOIero IepeBbs Ha epeodydeHne
a) UYewm MeHbIme 3HaueHHe min_samples_split, TeM MeHbIIE TEHACHIHA K IEPEOOyUCHHIO
b) Uewm mensIe 3Ha"ueHNE min_samples_leaf, TeM MeHbIIE TEHISHINS K IEPEOOYUCHUIO
¢) Uem MenblIe TTyOnHa AepeBa, TEM MEHBIIIE TEHACHINUS K IEpPeoOyUCHHIO
d) I'myOuna nepeBa HHKaK HeE BIMSET HA €T0 MepeoOyUEHHOCTD
e) Uem MeHblIe 3HaueHue napamerpa max_leaf nodes, TeM MeHbIIIEe TEHACHINUS K 1EPEOOYIECHHIO

3amanne 9

Kakoii kiaccudukarop HeOOXOIHUMO HCITOIL30BATh IS MPEICKa3aHus pa3Mepa 0J00pEHHOr0 KPEauTa 0 3aaHHBIM apaMeTpam?
a) DecisionTreeRegressor
b) DecisionTreeClassifier
¢) Moxker ObiTh HcnioNb30Bal U DecisionTreeClassifier, u DecisionTreeRegressor

3ananue 10
OTMeTbTe BEpHBIC YTBEPIKACHHS O JICPEBbSIX PEIICHHUI.
a) YeM MEHBIIIEe CBOWCTBO gini, TeM OAHOPOIHEE ITPUMEPHI B JIHICTE
b) CBOWCTBO gini ONpeneNnseTcs: TOIBKO AJIsl JIUCTHEB, HO HE IS Y3JIOB
C) CBOWCTBO samples yka3bIBaeT Ha KOJMYECTBO IPHMEPOB B y3JIe
d) mapamerp gini, BO BCEX JUCTHAX OIDKECH MMETh OMHAKOBBIC 3HAUCHIS

3ananue 11
OTMeThTe BepHbIE YTBEPXKICHUS O CIIy4aifHOM Jiece
a) d4eM OoJbIe AEPEBLEB B JIECY, TEM JIy4llIe KaueCTBO MpPe/ICKa3aHUs
b) BpeMst HACTPOHKH U pabOTHI CIyYaifHOTO Jieca YBEIHMUMBACTCS MPOMOPLUOHAIBHO KOINYECTBY JEBEPEB B JIECY.
C) CIy4ailHBIN JeC IPUMEHUM JJIs peIICHHs 3a1a4 perpeccun
d) ciywaiiHBIi Iec IPIMEHUM JUTS PEIICHHS 33/1a9 KITacCH(UKAINN

3ananue 12
OTMeThTe BEPHBIC YTBEPIKACHHS
a) RandomizedSearchCV naxoaut nydiryto KOMOWHALIUIO TAPAMETPOB IS JIepeBa pelieHu
b) RandomizedSearchCV pabotaet OnicTpee, uem GridSearchCV
¢) GridSearchCV HaxomuT mydmrylo KOMOWHAIMIO MapaMeTpoB Ui JEpeBa, M3 TEX 3HAYCHUH MapaMeTpoB, YTO OBLTH
TepeIaHbl
d) RandomizedSearchCV maet 6onee TouHoe mpenckazanue, yem GridSearchCV

3ananue 13
Bribepure u3 criucka 3a1a4n KiIacCH(UKAIIH:
a) pasgenuTh mo Ghororpaduu )KUBOTHBIX Ha KOIIEK U COOAK
b) mpenckazaTh CTOMMOCTH KBAPTHPHI MO 33JAHHBIM MTapaMeTpam
C) pa3aenuTh TprObI HA ChETOOHBIE U STOBUTHIC
d) crpynnupoBaTh TEKCTHI IO UX IMOIMOHAIBLHON OKpacKe

3amanue 14
OTMeTbTe BEpHBIC YTBEPKACHHS
a) B kadectBe mepeMeHHBIX U1 00y4eHHS AepeBa MOTYT OBITh HCIOJIb30BaHbl KaK KOJMYECTBEHHBIC, TaK M KaTETOpHUANIbHBIC
NpU3HAKA
b) JlepeBbs perieHuid MOTYT pelarh 33/1a4y KiaccH(pUKauy ¢ MPOU3BOIBHBIM YHCIIOM KIIACCOB
¢) UYem menbmie 3HaYeHne min_samples leaf Tem Tounee OyayT mpeackasaHus Ha TPEHUPOBOYHOI BEIOOPKE
d) Yewm mensblue 3Hayenue min_samples leaf Tem TouHee OynyT npenckasaHus Ha TECTOBOH BBIOOPKE

3amanue 15
Ooyuatonias BeiOopka (X _text, y_test) aTo —
a) BpIOOpKa, M0 KOTOPOI HACTPAMBAIOTCS ONTUMAIIBHBIC TIAPAMETPHI JIepeBa
b) BrIOopka, M0 KOTOPOit OLIEHUBAETCSI KAUECTBO MOIYUYSHHOTO JIepeBa PeLICHUH
c) Bribopka, Mo KOTOPO# OCYIIECTBIIICTCS BEIOOP HAMIYYIIICH MOJICIIN U3 MHOXKECTBA MOJICIeH
d) MHOXeCTBO LENEeBBIX 3HAUCHNUH IS JAHHOTO HAbopa TaHHBIX




3ananue 16
[Ipu 0oOydeHn HEKOTOPOI MOAETH Ha TPEHUPOBOYHOM BEIOOPKE M OIIEHKE €€ KauecTBa Ha TECTOBOW BEIOOpKE, OITy4eHa OoJIbIIas
pasHUIa MEXy 3HAUCHUSIMH METPUK Ha TPEHUPOBOYHON M TECTOBOM BBIOOPKaX. O 4eM 3TO MOXKET TOBOPHUTH?

a) Mopenp nepeoOyueHa

b) PacnpeneneHne TaHHBIX B TECTOBOW BBIOOPKE CHIILHO OTIHYACTCSI OT PACTIPECICHHUS B TPEHUPOBOYHON

c) Mogens HenOOOYUEHa

d) Mogens uneanbHO HacCTpOEHA

3ananue 17
Data — pandas.DataFrame, pasmepom 20 ra 20. Kakue u3 npeanoXeHHbIX KOMOHHAINI HE BBI30OBYT OLIHOKY?
a) Data.iloc[[1,4,5],0:3]
b) Data.iloc[[0,15], [1,5,-1]]
¢) Data.iloc[[1,4:15],0:3]
d) Data[1:5,[1,6]]

3ananue 18
Kakwue cTpoku mo3BOJSIOT 0TOOpATh 5 MEpBhIX CTPOK AatadpaiiMa data (MHIEKCHI OCIE0BATEILHOCTE uncen oT 0 ¢ marom 1)
a) data.iloc[:5]
b) data.head(5)
¢) data.loc[:5]
d) data.loc[:4]
e) data.tail(5)

3ananue 19

B kakux ciydasx MOXeT OBbITh UCIIONIb30BaHa CTyIeHYaTast (PYHKIHS aKTUBAIUN?
a) OmnpenenuTth K Che0OHBIM WIH HECHETOOHBIM OTHOCHTCS TprU0?
b) Omnpenenuts K KAKOMY M3 TPEX KJIaccoB (setosa, vercicolor, verginica) OTHOCHTCS Upuc?
¢) Pasgenuth TEeKCThI HA HEUTPANTbHBIC, HETATHBHBIC M MOJOKUTEIbHBIC.
d) TIlIpenckasats pazMep 3apaOOTHON TUIATHI CIICIIHATUCTA TIO OIIPEICIIEHHBIM ITapaMeTpam.
e) PasmennTh n300pakeHHs HA COAEPXKALIME U HE COJEPIKAIFe OTKPBITHINA OrOHb.

3ananue 20
Kakoe 3HaueHHE MOXKET UMETh B3BEIICHHAS CyMMa BXOJIOB HEHPOHa (IO MCIOJIb30BaHUS AKTUBAI[HOHHON (YHKITUH )
a) [-1,1]
b) [0,1]
c) (-1,1)
d) (-o0,+ )

2.2. TunoBble 321aHUA JIS1 OLIEHKU HABBIKOBOI0 00pa30BaTeIbHOI0 pe3yJibTaTa

[IpoBepsieMslii 00pa3oBaTeNbHBIN pPe3yIbTAaT:

Kon 1 nHanmenoBanue
WHJIMKaTOpa JOCTUKEHUS OO0pa30oBaTeNbHbIN PE3yIbTAT
KOMIIETEHIIUH

OIIK-4.4: Mcnonb3yeT MeTOAbI OOyyarouuiicst ymeer:

HCKYCCTBEHHOT'O UHTENIEKTA arperupoBarh JIaHHbIe cpeacTBamMu Python; BEINONHATE (GUILTPALIUIO JaHHBIX CPEJICTBAMHU
(MamyHHOTO O0YYEeHMS) U Python; HacTpanBaTh Bec HEHpOHHA; BEIOMPATH TUT Kiaccu(ukaTopa B 3aBUCUMOCTH OT
aHayM3a OOJBIINX JAHHBIX JUIS MOCTABJICHHOM 3a/]a4uK; BU3yaln3upoBaTh JJaHHBIE CpelcTBaMu Oubdanorek pandas, seaborn,
pelIeHus IPUKIIAAHBIX 33134 matplotlib; BEITOTHITE MHOTOKIIACCOBYIO KIacCH(PHUKAIIIO MeToaMu onbnmorekn sklearn;

CTPOUTD JIEPEBbsI PEIICHUH 1 BBIOIHSITH 110 HUM IPEICKa3aHHue.

3ananue 21

Otkpoiite Jupter notebook, cosmaiire daiin lab2 <pama dammms>.ipyng (mampumep, lab2 tiuzhna.ipynb), mnoakmrouunrte
oubnuorexku numpy u pandas u npouTtute AaHHbe U3 (aiina StudentsPerformance.csv B natadpeiim sp.

[MonyunTe pacnpeneneHne YUCIOBBIX BEIHMYHMH AaTadpeliMa Sp UCTIONb3yst 0a30BbIe METO/IbI BU3yalM3alul OnOanoTekyu pandas.
WNmnoprupyiite Oubmmorexky Seaborn. Mcmome3yss wuHTepdeiic mns MOATOHKHM PETrPecCHOHHBIX MOJeNell K yCIOBHBIM
MOZIMHOKECTBaM Habopa TaHHBIX BBIBEAUTE rpaduK yCIIeBaeMOCTH 0 MATEMATHKE W YTCHHUIO C pa3IeieHHEM 10 MOy.

3amanue 22

3arpy3urte Moxymu Ombnmorex numpay u matplotlib, a Takxkxe momynu 6ubmmorexku Scikit-learn, HeoOXomumble AIst pabOTHI ©
npeBoM pemenuit. 13 sklearn.datasets parpysure TectoBblii Habop iris. M3yunre cTpyKTypy HONyYeHHOro Habopa IaHHBIX. B
Habope 150 sk3emmIsipoB ('cTpoK" B MPUBBIYHOW HaM TEPMHHOJOTUH). KaIoMy SK3eMIUIIPY COOTBETCTBYET YETHIPE YMCIIOBBIX
aTpuOyTa (JUIMHA YallIeNMCTHKa B CM; IIMPHUHA YallleJINCTHKA B CM; JUIMHA JIETIECTKA B CM; [IMPUHA JIETIECTKa B CM) | Kiacc ('setosa’,
'versicolor', 'virginica'). T.e. nanHbIi HabOp MO3BOISIET PEIINTH 334ady KIaCCU(PHUKAIMHA, OTHECEHUS pacTeHus "upuc" UCXonas u3
[IMPHHBI JICTICCTKOB, [UIMHBI YAIICIUCTHKA W T.J. K OOHOMY M3 Tpex kimaccoB. Cosmaiite memoHctpatuBHbIA Decision Tree




KJaccuduKaTop, UCIOb3Ysl OJHOMMEHHBIN Kiacc u3 Oubnmoreku sklearn m coxpanurte ero B nepemenuyto dt. s pazaenenus
MHOKECTBa Ha TECTOBOE M TPEHHPOBOYHOE HCIIONB3YHTE MeTox train test split. OToOpasnuTe momydeHHOE AEPEBO PEUICHUIN
rpaduuecku, UCTIONB3yiTe MeTO plot_tree

3amanue 23

3arpy3uTe IaHHBIE U3 BCcTpoeHHOTro Habopa load digits. JlanHble npencraBisoT coboit Habop u3 1797 pyKonHUCHBIX N300pakeHUH
mudp pasmepamu 8 Ha 8. Kaxxmas kapTuHKa IpeIcTaBlicHa MACCHBOM W3 64 3HaYCHHU IIBETa IS KAXKIOW SYCHKHA M300paKCHUS.
OOyunTe AepeBO PELICHUH U MOJy4UTe NMpeJcKa3aHie Ha TECTOBOM BhIOOpKE. Busyanusupyiite npeackazaHue, yKakuTe TOUHOCTh
JUI IOJTY49EHHOTO JepeBa.

Bamaunne 24.

3arpy3uTe BCTPOCHHEIH Habop boston.

HaGop mammbBIX boston mpencraBiser coOoi cimoBapp ¢ kmodamu data, target, feature names m DESCR. Kitouy data
COOTBETCTBYET MacCHUB CITHCKOB:

{'data": array([[6.3200e-03, 1.8000e+01, 2.3100e+00, ..., 1.5300e+01, 3.9690e+02, 4.9800e+00], [2.7310e-02, 0.0000e+00,
7.0700e+00, ..., 1.7800e+01, 3.9690e+02, 9.1400e+00],

B xaxnoii ctpouke 13 uncnoBbix 3HaueHUW. Baia 3agaua Haiitu onmcanue kaxaoro u3 HuX. Tak mepBoe 3Hauenue (6.3200e-03
i 0.00632) 370 ypoBEHb MPECTYIHOCTH Ha TyITy HACEICHHUS.

ITocTpoiiTe nepeBo penieHui, MpecKa3bIBaoNIee CTOUMOCTD JKUJIbSI TI0 UMEIOIUMCs JaHHBIM. OOpaTuTe BHUMaHUE, CTOMMOCTh
KIJIBSL - BENMMYMHA HETpephiBHAs, u JepeBo kimaccuduranuu DecisionTreeClassifier mam He momodnér. Jlnms mpeackasaHus
3HAYCHUS IeNIeBON (PYHKINHU HYKHO perpeccroHHoe aepeBo DecisionTreeRegressor.

[lepeGepute Bce AepeBbs HA JTaHHBIX bOston IO CIEIYIONIMM ITapaMeTpam:

MaKCHMallbHas TIyOuHa - oT 2 10 15 ypoBHeit

MHHHMMAaJBHOE YHCII0 Tpo0 A pa3aeneHus - ot 2 1o 10

MHUHHAMAJIbHOE YMCII0 P00 B smcte - ot 1 10 10

OTto06pazuTe TydiIue mapaMeTpsl 1 JIydIiee IepeBo.

Bamaunne 25.

3arpy3ute BCTpOCHHBINH Habop boston.

Uzyuute ocranbHbie aTpuOyThl Kiaccupukaropa. Co3maiite mogens RandomForestClassifier ¢ 15 mepeBbsMu M MakCHMaTbHON
riryOnHOI paBHOM 5 ypoBHAM 1u1s nanHbIX digits load().

OOyuuTe MOMyYCHHYIO MOJIC/b. BeImonHuTe nmpeackasanue. [locuuTaiite TOUHOCTH (Score) st Jaeca.

VYKaXUTe TpU CaMbIX BaKHBIX IapameTpa sl JIEpPEeBbEB PEIICHWH B CO3JaHHOM JIeCy, HCIOJB3Ys, HanmpuMmep, aTpuOyT
feature importances_.

OIIK-4.4: Ucnonp3yer wmeronbl | OOyJaromuiics Baageer:

HCKYCCTBEHHOTO UHTENIEKTa | HaBbIkaMu OCTPOCHHS IePEBa PELICHUIA.

(MaImHHOTO o0y4eHust) u | HaBblkamu peanu3anuy anroputMa ciydaiinoro jeca (Random forest)
aHanu3a OOJIBIIMX JaHHBIX ANA | HaBbIKaMu HallMCaHUS HEWPOHHBIX CETEH.

pelleHus IPUKIAJHBIX 3a1a4 HaBpikamu 00y4yeHHs MOJEITH.

3amanne 26

3arpy3uTe DaHHbIE W3 BCTpoeHHoro Habopa load digits. Cozpaiite KiracCHpHUKATOp, CO CISAYIOIIUMH ITapaMeTpaMH [epeBa:
MaKcHMallbHas TITyOnHa - 5 YpOBHEH, MUHIMAIBHOE YHCIO0 OOBEKTOB B JIHCTE - 4.

Pa3nenure mony4eHHbIe JaHHbIE HA TPECHUPOBOYHBIN M TECTOBBIH HaOOpPHI NaHHBIX, 75% u 25% coorBercTBeHHO. [Ipenckaxure
KJIaCChI, K KOTOPBIM NPHHAUIeKAT JaHHBIC U3 TECTOBOH BHIOOPKH, COXPAHUTE Pe3yiIbTaT MpeAcKa3aHuii B mepeMeHHyto predicted.

3ananue 27

3arpy3uTe BCTPOCHHBIH Habop boston.

HabGop manubIX boston mnpencrtaBisier coboii cinoBapp ¢ kimodamu data, target, feature names u DESCR. Kirouy data
COOTBETCTBYET MacCUB CIIHCKOB:

Ucnonp3ys anroput™m cruydaitaerii mec (random forest) Cosmarite momens RandomForestClassifier ¢ 20 nepeBpsiMu 1
MaKCHMaJIbHOM TyOWHON paBHOH 5 ypoBHAM Uit naHHBIX. OOydyuWTe MOJMYYEHHYIO MOAENb. BEIMONHHMTE NpencKa3aHue.
[ocunTaiiTe TOYHOCTH (Score) JuIs Jieca

3ananue 28

Wmnoprupyiite Habop manabix Fashion MNIST (manmsie Oubmmorexu keras), comepxkammuit 70 000 m300paxxeHHI 3IIEMEHTOB
OJICK/IBI B TPaalMsIX CEPOro, B pa3perieHuu 28x28 muKceeil.u IpouTHTE JaHHbIC/

PaznmenuTe HabOp HA TPECHUPOBOYHBIN M TECTOBBIN B mpomoprwm 85/15.

Busyanmzupyiite mepBbie qecaTh 00bEKTOB U3 TPEHHPOBOYHOTO HaOOpa.

ITocTpoiiTe HEMPOHHYIO CETh, COCTOALIYIO U3 TPEX CIIOEB: BXOJHOI0, CKPBITOrO U BBIXOJHOTO..

3ananue 29

Ckauaiite nannsbie ¢ caiita kugle (https://www.kaggle.com/c/dogs-vs-cats/data). J{ns ckaunBaHus HEOOXOIUMO MIPONTH MPOICTYPY
peructpanuu. Pacnakyiite apxuBsbI train.zip u test.zip ¢ JaHHBIMH B KaTaJIOTe CO CBOUM IPOEKTOM.

B karanore train co3maiite aBe manku cat u dog. PasHecure M300pa)keHHsT W3 KaTajora train 1Mo BHOBb CO3IAHHBIM Iamkam. Bl
MOXeT caenath 3To BpyuHyro (0 OamnoB) miam mporpamMmHo (1 Gamr) mcmons3ys Meronbl sibika Python. Bam monmamoOurest
OuOIMOTEKA 0S U METOJIBI CTPOK.




CreHepupyiiTe nataceTa U3 U300paKeHUN UCTIONB3Ys MeTo] Onbmuoteku keras ImageDataGenerator.

C nomomrsio merona flow from_directory co3maiite reHepaTop JaHHBIX Ha OCHOBE M300paXCHUI M3 KaTajora.

HccnenyiiTe moaydeHHbIH reHepaTop. BeiBenuTe Ha 3KkpaH, u3ydute Gopmy.

[IpoBeaute oOpaTHYIO oneparuo. Busyanmusupyiite nepBbie mATh 00BEKTOB U3 MOITYYeHHOT0 Habopa TaHHBIX.

Pacmenmure nMerormmecs: JanHBIe Ha Tpu Habopa (train,test,validation), mubo McmonE3yiiTe TaHHBIE M3 apXWBa test, TOATOTOBHUB MX
COOTBETCTBYIOIIUM 00pa3oM.

CaMocCTOATENEHO CO3/IaliTe U 00YUYHTE HEUPOHHYIO CETh IS pa3IMUCHHS KOIIEK U co0ak (110 mpuMepy J1abopaTopHOH S5, 4acTh 2).
JoGeliTech TOUHOCTH MOJIENT Ha BAIMJAIIMOHHON BEIOOpKE He Hibke 80%

3amaunne 30

Peanusyiite xmacc Neuron OCYIIECTBIISIONINH BBIMONHEHHE (QyHKIHM =x1*wl+x2*w2 +... +xnwn+tb (1), rme X — 3HauYeHHs,
MIOJJaHHBIC Ha BXOJI, W - Beca BXOJIOB, a b - cMemieHune. B kauecTBe GyHKIMM aKTHBAIMM HCIIONIB3YHTE CUTMOUIY. Y OennTech, 4To
CO3MIaHHBII BaMH HEHpoH paboTaer. Iy 3TOTO CaMOCTOSATENBFHO 3aJalTe Beca W CMEIICHHS M 3HAYCHUS BXONIOB W TIPOBEPHTE
OTBET.

Cobepure U3 HEWPOHOB MPOCTEHIITYIO HCKYCCTBEHHYIO CETh, COCTOSIITYIO M3 TPEX CJIOEB: BXOAHOTO, CKPBITOTO U BBIXOJJHOTO.
CKpBITBIH CIIOH — 3TO JII000H €10 MEXAY BXOJHBIM (TIEPBBIM) CIOEM CETH M BBIXOAHBIM (HOciieHUM). CKPBITBIX CIOEB MOXKET
OBITh HECKOJIBKO!

2.3. [lepeyeHb BONPOCOB /JIsl MOATOTOBKH 00YYAKOIIUXCSH K MPOMEKYTOYHOM aTTecTalluu

HUckyccrBennsrit naTemiekt. OcHoBHBIE MOHATHSA W
MammuHaHOe 00yUueHHe.

I'myGokoe oOydeHme.

OO0yuenue ¢ yunreaeM u 0e3 yauTes.

OCHOBHBIE TIOHATHSI aHAJIM3a AaHHbIX. JlaHHbBIEe, MO/IeNIb, 00pa0bOTKa JaHHBIX.
Merto0m0THYeCKHE TIPUHIMITEI aHAIN3bI TaHHBIX.
Llenu, sTarmbl, METObI M TEXHUKH aHAIIM3a JaHHbBIX.
OuipTpalys rpynnupoBKa U arperanusi JaHHBIX.
Busyanuzanus naHHbIX.

Busyanuzanus nanueix B Phyton.

Busyanmmzamus B Pandas.

Bubmorexn Seaborn u Matplotlib

Pemarommue nepeBbsi: OCHOBHBIE OHATHS.

3anava kinaccuduKanyy.

. JepeBss pemenuii. OCHOBHBIE TapaMeTphI JIepeBa.
JlepeBo pelieHuit B 3a1a41 PETPECCHH.

Mertoz GnmkaiImux cocenei.

Konnenmms ciydaifHoro sieca.

CrnyyaiiHast BBIOOpKa TPEHUPOBOYHBIX 00PA3IIOB.

. YcpeaHeHue mporHo3oB.

[TpoGriema nepeoOyyeHus.

Turer omm6oK: true negative, false positive.
Mertpuku kauecTBa Mojenu: Precision, Recall, F1 score.
TectupoBanue ROC AUC.

Heiiponnsie cetu.

HckyccTBEHHBIE HEMPOHBI.

DYHKIMY aKTUBALMU HEHPOHA.

[lepuentpon.

OO0yueHue HelpoHa.

I'panuenTHsI cycK.

. [pobGnenue miara npu rpaIMeHTHOM CITYCKE.
CroxacTUdecKkuil TpaIueHTHBIN CITYCK.

MeTo HaCKOPEHILIETO CITyCKa.

Heliponnas cetsb.

OpnHocolHast MOJETb.

CBepTovHbIe HEHPOHHBIE CETH.

CBEPTOYHBIN CIIOH, CIIOW TTOABBIOOPKH, TTOTHOCBSI3HBIN CIIOH.
LleneBast pyHKIHS.

3amauu pacro3HaBaHUs 00pa3oB.

Knaccugukarust 00beKTOB.

IMonck nzobpaxkerns mo odpasimy.

XA B WD =
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3. MeToauveckne MaTepHaJibl, ONpeaeA0Nue NPoueaypy U KPUTEePpUN OLleHUBAHUS
c¢opMHPOBAHHOCTH KOMIIETEHUMA NPU NPOBEACHUN NIPOMEKYTOYHOI aTTeCTAlMHU

Kputepun (popMupoBaHusi OLIeHOK 10 0TBETaM HA BONPOCHI, BHINIOJHEHHUIO TECTOBbIX 3aaHUMH

- OLEHKA «OTJIHYHO» BBICTABIIICTCA OOYYAIOIIEMYCs, €CIH KOJIMYECTBO IPABHIBHBIX OTBETOB HA
Borpock! coctanisieT 100 — 90% ot obmiero o0bEMa 3a1aHHBIX BOIIPOCOB;

- OIIEHKa «XOPOLIO» BBICTABIAETCS OOydaromeMycs, €ecid KOJMYECTBO IPABWIBHBIX OTBETOB Ha
BOMPOCH — 89 — 76% oT o01iero oobEMa 3a1aHHBIX BOIIPOCOB;

- OIICHKA «YIOBJIETBOPHMTEJIBHO» BBICTABISAECTCS OOYYAIOIIEMYCsl, €CIM KOJIMYECTBO IPABHIIBHBIX
OTBETOB Ha T€CTOBbIE BONPOCH —75—60 % oT o61ero oobéMa 3a1aHHBIX BOIIPOCOB;

- OLICHKA «HEYAOBJIETBOPHUTEILHO» BBICTABIICTCS OOYYaAIOIIEMYyCs, €CIH KOJIMYECTBO IPaBHIBHBIX
oTBeTOB — MeHee 60% oT 0011ero o0bEMa 3aTaHHBIX BOIIPOCOB.

Kpurepuu popMupoBanus oueHOK Mo pe3yabTATaAM BbINOJHEHUS 3aJaHUI

«OTIMYHO» — CTaBUTCS 32 pabOTY, BHIIIOJHEHHYIO ITOJIHOCTBIO 0€3 OMMOOK U HEJOUYETOB.

«XopoIo» — CTaBUTCS 3a padOTy, BBHITOIHEHHYIO ITOJIHOCTHIO, HO TIPH HAIMYHMH B Hel He OoJiee OTHOM
Herpy0Oo# OIMOKY M OTHOTO HeloueTa, He 0oJiee TpexX HeJOUYETOB.

«Y10BJIETBOPUTEIbHO» — CTABUTCS 32 padOTy, €CIM 00yUaIOIIUKCS MPaBIIIBHO BBHITTOJHIII HE MeHee 2/3
Bceil paboThI MM TOIYCTUI HE Oosiee 0HON TpyOoi OmMOKK M JIByX HEIOYeTOB, He Oojiee 0aHOM rpy0oil u
OJIHOM HEerpyO0oii OIMOKH, He O0JIee TpeX HErpyObIX OMMOOK, OJTHON HETpyOOH OMIMOKHM U IBYX HEIOUYETOB.

«HeynoB/1eTBOPUTEIBLHO» — CTABUTCS 32 pabOTy, €CIIM YKCIO OMTMOOK M HEJJOUETOB MPEBBICUIO HOPMY
JUTSL OLIEHKH «YyJIOBJIETBOPUTEIIHLHOY WIIH MIPABUIBHO BBHITIOJHEHO MeHee 2/3 Bcell paboThl.

Buowi owubok:

- epybOvle OwubOKU: He3HaHUe OCHOBHbIX NOHAMUL, NPABUL, HOPM, He3HAHUe NPUeMO8 peuleHus 3a0ay,
OWUOKU, NOKA3bIBAIOWUE HENPABUTIbHOE NOHUMAHUE YCA08USL NPEOTIOHCEHHO20 3A0AHUSL.

- HeepyOvle OWUOKU: HEMOYHOCMU (DOPMYIUPOBOK, ONpedeNeHull, HePAYUOHAIbHLIL B8blO0p X00d
peuieHus.

- Heooyemvl. HEPAYUOHATbHbIE NpUEeMbl BbINOIHEHUS 3A0aHUs; OMOENIbHblE NOSPEUHOCMU 8
Gopmynuposxe 86180008, HebOpeCHOe 8bINOIHEHUE 3A0AHUSL.

Kpurepun popMupoBanus OeHOK MO 3a4eTy

«3a4TeH0» — CTYACHT IEMOHCTPUPYET 3HAHNUE OCHOBHBIX Pa3/IeNOB MPOTPaMMbl U3Yy4aeMOro Kypca: ero
0a30BBIX TMOHATUH U (PyHIAMEHTAJIbHBIX MPOOJIeM; MPUOOpenT HEOOXOJAMMBbIE YMEHHS W HABBIKH, OCBOWII
BOIIPOCHI MPAKTUYECKOTO MPUMEHEHHUS TTOYYSHHBIX 3HAaHUM, HEe TOMyCTUI (PAKTUIECKUX OUIMOOK MPHU OTBETE,
JOCTAaTOYHO TIOCJICZOBATEIbHO M JIOTHYHO HW3JIaraeT TEOPETHUYECKUI Marepuain, JOmycKas JIWIIb
HC3HAYUTCIIbHBIC HAPYIICHUS IMOCICA0BATCIIBHOCTH U3JIOKCHUA U HCKOTOPBIC HECTOYHOCTHU.

«He3auTeH0» — BBICTABJISIETCSl B TOM Clydae, KOrJia CTyJIeHT JIEMOHCTPUpPYET (hparMeHTapHbIC 3HAHHS
OCHOBHBIX Pa3/IeIOB MPOTrPaMMBbl H3y4aeMOro Kypca: ero 0a30BbIX HOHATHIA U GyHIAMEHTAIBHBIX TpodsieM. Y
9K3aMEHYEeMOr0 CJIa00 BBIPaKEHA CITIOCOOHOCThH K CAMOCTOSTEIbHOMY aHAIUTHYECKOMY MBIIIICHHIO, UMEIOTCS
3aTPy/JAHEHHs B M3JIO)KEHUH MaTepualia, OTCYTCTBYIOT HEOOXOIMMbIE YMEHUS M HaBBIKH, JOIMYIIEHBI TPyObIe
OMMOKH ¥ HE3HaHWE TEPMHHOJIOTHH, OTKa3 OTBEYATh Ha JOTOJHUTEIbHBIE BOMPOCHI, 3HAHHE KOTOPBIX
HCO6XO,Z[I/IMO AJId TIOJIy4YCHUA MOJIOKUTENbHON OLCHKMU.
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